Global bioclimatic datasets are being widely used in ecological research to estimate the potential distribution of species using Climate Envelope Models (CEMs). These datasets are easily available and offer high resolution information for all land areas globally. However, they have not been tested rigorously in smaller regions, and their use in regional CEM studies may pose problems derived from their poor representation of local climate features. Moreover, these problems may be enhanced when using CEMs for future climate projections -a topic of current active research,-due to the uncertainty derived from the future altered climate scenarios.
WorldClim, which are commonly used in ecological modeling (see Table 1 ).
183
To allow for full spatial comparability among the three datasets (UC, UAB 
Correlation analysis 245
The high inter-dependence between some of the bioclimatic variables used 246 as predictors (Table 1) its importance I would be calculated as follows:
where X h is any subset of i predictors from which X 1 is excluded. As a result, also computed Cohen's κ using prevalence as the probability cutoff threshold
311
(P = 0.5).
312
All the analyses were conducted in the R language and environment for The intra-dataset pairwise correlation analysis identified some redundant 317 variables, common to the three datasets ( Fig. 2a-b) . As a result, BIO1, 6 318 and 11, based on temperature data, were in all cases highly cross-correlated a very high correlation with BIO14 and BIO17 (Fig. 2b ). This constitutes a 326 first note of warning on the problems with the precipitation variables in WC.
327
The inter-dataset pairwise correlations revealed remarkable differences 328 between the bioclimatic variables among datasets. The lack of consistency 329 between datasets is more accentuated for WC than for UAB, with regard to 330 the UC data ( Fig. 2c-d 
Variable selection and importance in the models

361
The large differences among the bioclimatic datasets, with intra-dataset Table 3 .
368
In all cases, the first variables chosen (based on their maximization of 369 model AUC), were related with temperature. These were BIO9 (mean tem-370 perature of the driest quarter) in the case of UC and WC, and BIO5 (maxi-371 mum temperature of the warmest month) in the case of UAB, both related 372 with the temperature regime during summer in the study area. In the case 373 of BIO9, due to its strong control by orography (Fig. 4) predictions was larger in the case of UAB and WC (Fig. 7b) , showing the 442 robustness of the UC models to changes in the predictor combinations. 
462
In general, future distributions using UC and UAB datasets are simi- attributable to the interpolation methods used to build the climatologies.
492
As a result, in spite of the large differences among datasets and the high are not added to true climatic features, but on statistical artifacts highly 502 related to the topography, the resulting future maps obtained using WC be-503 come unreliable due to the large spread of the forecasts, yielding non-robust 504 projections.
505
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The results are presented for both the GLM and the MARS algorithms. (Table 3) . Maps in (a) represent the multi-RCM ensemble projections (Table 2) 
